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modus operandi of the crime. It is a crime that has most often been
studied using official, secondary data provided by either retail security
personnel or law enforcement officers. Reliability issues plague these
official data. Continuing the "dark figure of crime" tradition, this study
examines shoplifting hy covert observation with a camera system installed
in a typical suburban retail drug store. A standardized data template was
used to record the demographic and behavioral characteristics of
shoppers. Significant numbers of shoppers (8.5'Jf 1 were observed
shoplifting. Logistic regression analysis reveals that, while memhers of
some demographic groups shoplifted more often than others, behavioral
indicators carried far more predictive power. The methodology and
findings are considered within the larger context of tbe law enforcement
£md "profiling" literatures.

Shoplifting and the Dark Figure of Crime

One of the most persistent and long-standing issues in the
field of criminology involves determining who commits crime and
how much offending actually occurs. The most readily available
data on crime come from those who apprehend offenders (e.g.,
Uniform Crime Reports |UCR]). However, dating back to the work
of Quetelet (1842), scholars have recognized the inherent biases in
detection, apprehension, arrest, and conviction data. The concept of
the "dark figure of crime" emerged to describe undetected crime
and the resulting misrepresentation of crime and criminals.
Criminologists responded with altemative methodologies such as
victimization surveys and offender self reports to ascertain more
accurately the true nature of crime (Hood & Sparks, 1970). The
measurement debate has raised a host of issues and significantly
sharpened our appreciation for the strengths and weaknesses of
different measures (Biderman & Reiss, 1967; Block & Block, 1984;
Hindelang, Hirschi, & Weis, 1979; McClintock, 1969; Sellin &
Wolfgang, 1964; Skogan, 1977). Despite all the time that has
passed and energy that has been expended, it is generally accepted
that we have gained little ground in capturing the true scope and
nature of crime (Coleman & Moynihan, 1996; Mosher, Miethe &
Phillips, 2002).

Larceny-thefl is without equal when it comes to
underreporting. The National Crime Victimization Survey (NCVS)
indicates that roughly two-thirds of all thefts go unreported to
police (NCVS, 2003). No other form of crime posts such dismal
reporting rates. To make matters worse, the NCVS is restricted to
thefts against persons and excludes larceny-thefls against
organizations, thus ignoring shoplifting. Additional problems
plague data generated from store personnel and offender self
reports. For example, surveys of retail loss prevention
professionals reveal that industry "insiders" are unable accurately
to parse out what proportion of missing inventory is directly
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attributable to shoplifting—the best estimate is somewhere in the
neighborhood of 40% of the total loss figure (Hollinger & Davis,
2002). In light of these shortcomings, the present study employs an
alternative data collection strategy, namely direct observation ofa
retail environment, to better document who shoplifts and how.

Shoplifting is a crime that is not well suited for study via
apprehension data. Police data (e.g., UCR) are particularly
problematic because only a small fraction of all shoplifters are
turned over to law enforcement and an even smaller proportion is
formally booked (Klemke, 1992). The detection and apprehension of
suspected shoplifters is the responsibility of the retail store's (in-
house) security personnel because police officers do not have
jurisdiction to patrol private property. If called, police officers get
dispatched to the store location to write a citation against a person
who has been apprehended by store loss prevention personnel.
However, this crime is not viewed as seriously as those against
private citizens, so officers often choose to issue a warning or
downgrade the formal charge. This discretion means that many
shoplifting calls for service produce neither a formal record nor a
criminal prosecution. In fact, Hollinger and Davis (2002) report
that retailers participating in a national survey indicated that they
prosecute a paltry 24% of all shoplifters that they apprehend.
Selective reporting and booking practices have led scholars to be
critical ofthe reliability of shoplifting data provided to researchers
by law enforcement (Burrows & Lewis, 1987; Farrington &
Burrows, 1993; Hindelang, 1974; Lundman, 1978) and/or court
(Adams & Cutshell, 1984; Farrington &. Langan, 1992) authorities.

The news is not much better when it comes to store-generated
data. The 1980s saw the widespread passage of "civil recovery" or
"civil demand" statutes that allow retailers to circumvent the
criminal justice system and seek civil damages directly from
apprehended shoplifters (Davis, Lundman, & Martinez, 1991). It
was thought that this legal remedy would prompt retailers to
revisit the shoplifting problem, thus generating more and better
data. However, modem retailers are forced to work within very
tight budgets and therefore usually choose not to deploy a large
antishoplifling security force. In-store security stafT is expensive,
hard to train, seldom stay on the job for long periods of time, and
frequently bring personal biases to the job. Retailers increasingly
try to leverage technology, such as security tags and closed circuit
television cameras, to cut their loss prevention costs while still
monitoring shoplifters (Hayes, 1993; Hollinger & Davis, 2002).
These systems, however, require staffing to be successful (i.e., a
person to staff the video monitor or respond to the alarm). As such.
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the effectiveness and efficiency of the shoplifting prevention and
apprehension effort falls largely upon the shoulders of store-level
sales associates and their managers. Associates are unmotivated,
minimum wage employees and their managers are often too busy
with a myriad of other responsibilities to provide antishoplifting
interdiction training. Not surprisingly then, systematic inquiries
reveal that biases at the patrol, apprehension, and processing
stages significantly diminish the quality of data generated by retail
loss prevention departments (Burrows & Lewis, 1987; Davis,
Lundman, & Martinez, 1991).

These unsystematic apprehension practices in the retail
industry have led to allegations of serious racial prejudice on the
part of store security officers. We have recently seen respected
television news programs such as 60 Minutes, Dateline, and 20/20
run exposes alleging that retail corporations subject minority
shoppers to heightened levels of in-store surveillance. When
confronted with allegations of racial profiling, retailers usually
point to apprehension data to defend their security practices. In
short, they claim that they monitor certain types of individuals
only because these types of persons fit the profile of shoplifters
whom they have apprehended in the past. The legitimacy of this
practice, however, rests on a very tenuous assumption, namely
that the existing apprehension profiles are representative of the
phenomenon. It is more likely that the existing apprehension data
represent surveillance bias, not real shoplifting behavior. Put
another way, it may be that black individuals are disproportion-
ately represented in the apprehension statistics not because they
shopUft more often than whites, but because they draw more
attention from security personnel (Dabney, Dugan, Topalli, &
Hollinger, 2001).

The Prevalence of Shoplifting

Despite these methodological limitations, retailers and
students of shoplifting are well aware of the social and monetary
costs associated with this form of property crime. Over the past
decade, each year researchers at the University of Florida have
surveyed loss prevention executives from the nation's foremost
retail corporations, asking them to provide data on a series of
security issues. Data for calendar year 2001 {Hollinger & Davis,
2002) suggest that the average retail firm loses 1.7% of its gross
sales revenues to "inventory shrinkage." "Shrinkage" refers to
those losses that are attributed to shoplifting, employee thefl,
vendor fraud, and administrative (paperwork) error. Security
executives estimate that at least one-third of their inventory losses
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result from shoplifting incidents. Moreover, their apprehension
data tell us that the average shoplifter gets caught with $200
worth of merchandise. These figures may seem trivial but their
significance changes dramatically when we extrapolate from them
to the entire U.S. retail industry. The National Retail Federation
estimates that the industry generates $1.8 trillion in revenues
each year. Plugging in the above loss estimates, the retail industry
suffers somewhere in the neighborhood of $10 billion in losses due
to shoplifting each year.

Shoplifting: Research on a Hidden Crime

Experts have long struggled to gain a comprehensive
understanding of who shoplifts and how they perpetrate their
crimes. Mueh of the uncertainty can be traced to the secretive
nature of this crime. The modem retail environment provides
would-be shoplifters adequate cover to conceal their acts of
thievery. There are plenty of shelves, signs, displays, and secluded
areas that make it easy to obscure shoplifting activity from others.
These obstacles place store personnel at yet further disadvantage
when it comes to identifying shoplifters on the sales floor.

Referring to official data and victimization reports, it is safe to
say that shoplifting is one of the most underreported and
misreported crimes (Farrington. 1999; Hollinger & Davis, 2002).
This situation has led many scholars to turn to self-report
techniques as a means of gathering shoplifting data (see
Farrington, 1999, Klemke, 1992, and Krasnovsky & Lane, 1998 for
a comprehensive list of studies). Surveys of youth (Elliot, Huizinga,
& Menard, 1989; Huizinga, Esbensen, & Weiher, 1991; Loeber,
Farrington, Stouthamer-Loeber, & Van Kammen, 1998;
Puzzanchera, 2000; Thomberry, Lizotte, Krohn, Farnworth, &
Jang, 1994) reveal that shoplifting is among the most prevalent
forms of criminal activity. It is clear that many persons steal
something from a retail store at some time in their lives. What's
more, it is clear that very few of these larcenies ever draw the
attention of either store authorities or criminal justice officials.

All four of the data sources described above (arrest data,
adjudication data, store loss prevention apprehension reports, and
offender self-report data) suffer from serious reliability and
validity concerns. Farrington and Burrows (1993) question the
scope and accuracy of police-generated arrest data. Adams and
Cutshell (1984) identify additional screening biases that exist at
the prosecution stage. Davis, Lundman, and Martinez (1991),
Lundman (1978), Burrows and Lewis (1987), and Hindelang (1974)
speak of the biased apprehension and reporting patterns inherent
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in store-generated data. Similarly, Klemke (19921 uncovers
inconsistencies in self-report data that can be traced to problems of
respondent recall, sampling bias, and measurement error.

At present, there exists a surprisingly large body of research
that portrays a somewhat confusing demographic and behavioral
picture of the typical shoplifter (Adams & Cutshell, 1984; Agnew,
1990; Arbodela-Florez, Durie, &. Costello, 1977; Barclay, 1990;
Beck & Mclntyre, 1977; Beers, 1974; Buckle & Farrington, 1984,
1994; Burrows & Lewis, 1987; Cameron, 1964; Cao & Deng, 1998;
Carroll & Weaver, 1986; Cox, Cox, & Moschis, 1990; Cupchik &
Atchenson, 1983; DaviH, Lundman, & Martinez, 1991; Day, Maltby,
Giles, & Wingrove. 2000; Dembo, Williams, Fagan, & Schmeidler,
1994; Farrington, 1999; Farrington & Burrows, 1993; Feinberg,
1984; Feurverger & Shearing, 1982; Griffin, 1988; Hayes, 1993;
Klemke, 1992; Krasnovsky & Lane, 1998; Lo, 1994; Lundman,
1978; Moore, 1984; Osgood, O'Malley, Bachman, & Johnson, 1989;
Ray, 1987; Ray, Solomen, & Melina, 1983; Weaver & Carroll, 1985;
Winfree, Sellers, Duncan, Kelly, Williams, & Clinton. 1989; Yates,
1986). Unfortunately, reviews of this literature by Klemke (1992),
Krasnovsky and Lane (1998), and Farrington (1999) reveal that no
single, definitive, demographic profile of the shoplifter emerges
from this extensive body of research. Left without direction from
the scholarly literature, a pervasive sentiment has nonetheless
emerged among members of the retail industry and the lay public
that shoplifters are disproportionately minority, male, and from
lower-class backgrounds. This paper seeks to provide clarity to this
unresolved question.

Direct Observation as a Methodological Alternative

Direct observation constitutes perhaps the least biased means
for gathering information about who shoplifts and how they
accomplish their thefts. A limited number of studies have used
unobtrusive observational techniques to document shoplifting
bebavior. Several British studies have been conducted in which
researchers patrol the retail environment and seek to covertly
observe randomly selected shoppers to determine who shoplifts and
how (Astor, 1971; Buckle & Farrington, 1984, 1994; Marks, 1975).
These studies suffer from the obvious limitation that
shoppers/thieves may alter their behavior when they spot persons
following them throughout the store. A different methodological
variation was employed by a pair of U.S. researchers (Carroll &
Weaver. 1986; Weaver & Carroll, 1985) who recruited self-
identified shoplifters via newspaper ads and then asked them to
walk through retail environments describing the types of
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merchandise and settings that they saw as most conducive to
thievery. These innovative U.S. studies provide insight into the
shoplifter's behavioral and thought processes, but offer little help
in the quest to develop either valid measures of prevalence or
offender profiles.

In light of such methodological shortcomings, the primary
research objective of this study is to generate an unbiased
demographic and behavioral profile of the contemporary retail
shoplifter. Rather than rely on official law enforcement or
corporate data on apprehended offenders, we conducted
unobtrusive, real time video observations of a large sample of
shoppers as they moved about a carefully selected retail
environment. This live, onsite research strategy differs
significantly from past criminological studies, and allows us more
accurately to describe the characteristics of both criminals and
their crimes. This innovative research design also provides a
unique opportunity to compare actual offender profiles to those
generated from official apprehensions. The successful
implementation of this methodology should allow us to make
significant strides toward determining if our more refined profile
matches the commonly accepted profiles generated by police and
retail loss prevention personnel. Further, it will allow us to speak
to the dark figure of crime by determining the proportion of
shoppers who commit acts of thievery. Finally, the results of this
study will contribute significantly to the debate about how to best
generate and assess profiles of criminal offending.

METHODOLOGY

The present study uses state-of-the-art closed circuit television
technology to allow live, unobtrusive observation of a sample of
shoppers. This methodological approach will allow us to identify
shoplifting that goes undetected and to generate a more precise
demographic and behavioral profile of those persons who steal
merchandise from retail stores.

Data Collection

Given the hidden and secretive nature of shoplifting, it is very
difficult to predict which shoppers entering a typical retail store
will eventually end up taking merchandise out the door without
paying for it. Our task was to formulate a research methodology
that would accurately capture the demographic and behavioral
characteristics of the shopper and shoplifter populations, as they
naturally exist within the retail store environment. To accomplish
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this goal, it was necessary to: (1) select a suitable retail
environment; (2) formulate an unbiased sampling strategy; (3)
identify a mode of observation that would allow for the undetected,
covert surveillance of shoppers from the time they entered the
store until they exited and to determine whether they had taken
any merchandise; (4) construct a standardized means of recording
behavioral and demographic characteristics germane to the crime
of shoplifting; (5) carefully train and deploy observers to collect the
data; and (6) use appropriate analytical techniques to model the
data. Our efforts to address these methodological requirements are
outlined below.

The Drug Store. Given our research agenda, it was necessary to
identify a retail environment that services the broadest possible
cross-section of customers. After consultation with experts on retail
shoplifting, we chose the retail drug store (with a pharmacy) as the
ideal natural setting for our study. There is no shortage of drug
stores in this country, as almost every rural, suburban, and urban
neighborhood is home to at least one. These stores carry a wide
array of products spanning a broad price range, including health
and beauty aids, food and beverages, film, cards, school supplies,
cleaning products, electronic goods, tobacco products, seasonal
merchandise, and prescription and over-the-counter medications.
In fact, so broad is the product variety that many in the retail
industry jokingly refer to the modem full-service drug store as a
"convenience store with a pharmacy at the back." Further, many
full-service drug stores are open long hours (some 24 hours and 7
days a week). By design, then, drug stores serve as a primary retail
outlet for individuals from all walks of life, serving as a "retail
crossroads" for persons regardless of class, gender, race, age, and
socioeconomic status.

Our decision to focus on the drug store was motivated by yet
another important methodological issue. Namely, the typical
shopping trip to a drug store is relatively short and product
focused. Consequently, we would not have to spend a great deal of
time observing a long, protracted shopping trip for each shopper
who entered the store, thereby speeding the data collection process.

Store Location Selection. Once we had settled on a drug store as
our research setting, we next had to determine which drug store
chain, city, and specific store location would best fit our needs. If
we wanted to generate a representative profile of active shoplifters,
we would have to identify a research laboratory with a large and
diverse base of customers. This led us to select a major, national
retail drug chain with a heavy concentration of stores located in
rural, suburban, and urban locales. Although we promised to keep
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confidential the identity of the drug store chain, we can say that
the data were collected in the Atlanta metropolitan area. This
decision was motivated by several factors. For one, the retail drug
chain that we chose to work with had opened in excess of 150 store
locations in or around the Atlanta city limits, thus providing a
wide range of potential stores to choose from. More important, the
city of Atlanta possesses the type of demographically diverse
population that suits our research goals. In short, we had at our
disposal numerous possible store locations that serviced customers
with diverse racial, class, age, and gender characteristics.

Several factors were cross referenced to help identify a
demographically diverse store location. We began by analyzing
corporate "marketing profile reports" that detailed the
demographic composition of persons living within a 3-mile radius
of each store. A short-list of prospective stores was generated and
the corporate data were cross checked with data from the 1990
census (and compared against 2000 census data when they became
available). Onsite visits along with driving tours through the
surrounding areas were conducted to enhance the quality of the
site selection process. We settled on a single store location at the
social crossroads between several ethnically and racially diverse
neighborhoods. The store was open 24 hours a day, 7 days a week,
thus allowing us to vary the observation periods. It was located on
a major commercial thoroughfare serviced by a bus route and had
an extremely diverse shopper population. Within a 3-mile radius of
the store were several residential subdivisions consisting of single-
family dwellings, a university, multiple ofYice parks, a government
housing project, numerous apartment complexes, and several
assisted living communities.

Mode of Observation. Data collection was accomplished using a
sophisticated array of closed circuit, high-resolution, color
television cameras. This camera system was an upgraded version
of the standard store security system and permitted the best
opportunity for unfettered observation of people as they moved
about in the 7,500 square feet of retail space. At the heart of the
system were four small, state-of-the-art CCTV cameras that were
concealed behind small smoke-tinted domes and mounted in the
20-foot-high ceiling tiles. Working in consultation with corporate
loss prevention staff, we carefully selected the location of each
camera dome to minimize the number of "dead spots" in the store
where shoppers could not be closely observed. The objective was to
create an observation field in which the entire shopping trip could
be observed from start to finish without any interruption. A
graphic representation of the store layout and camera positioning
is provided in Figure 1. The large black ovals represent the four
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Figure 1. Store Layout with Camera Placement
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"pan-tilt and zoom" camera domes that were installed into the
ceiling tiles. These cameras can be rotated in every possible
direction using a remote, joystick-operated control panel. The small
triangles depict 10 "fixed position" CCTV cameras that were hung
from the ceiling in strategic locations to fill in noticeable gaps in
the observation field. The final placement of the cameras allowed
the researchers closely to monitor shopper behavior in roughly 95%
of the store, as the shelf construction (i.e., height and endcap
designs), hanging signs, and aisle layout yielded the smallest
number of unavoidable dead spots. The only place where shoppers
left our field of observation was the public restrooms.
Unfortunately, no audio recording, only video recording could be
made of each shopping trip. A television monitor allowed us to
view, in detail, the individual's every movement during his/her
entire stay in the store. The strengths and weaknesses of this
research design are addressed later in the paper.

The camera system allowed for all shopper actions to be
viewed in real time and videotaped for later analysis. The CCTV
cameras were operated and monitored by trained research
assistants from the control room located in a second fioor office in
the front corner ofthe store (see Figure 1). A total often observers
were used over the course of the 12-month data collection period.
Each of our paid observers was subject to a strict training regimen.
The training regimen involved familiarization with the data
collection instrument, training to detect typical shoplifter behavior,
instruction in the use of the camera system, a review of the
sampling procedures, and an initial "dry run" observation period
that lasted 4 to 8 hours.

Shopper Selection Criteria and Sampling Design. Given the
number of shoppers that enter a busy suburban drug store, we
realized that it would be impossible to carefully observe each and
every person during the course of their entire shopping trip.
Therefore, a sampling protocol was developed that called for every
third shopper who entered the store to be followed by CCTV
during his or her entire shopping trip—however long it should last.
Because it was our goal to obtain a representative and statistically
unbiased sample of all the store's shoppers, it was deemed
important that no effort be made purposively to select shoppers of
any particular age, race, gender, or social class. The above-outlined
sampling protocol was followed for the first 6 months of data
collection. Over the first few months of data collection, it became
apparent that by employing a sampling protocol based purely on
random assignment, we were wasting a considerable amount of
time and resources watching and videotaping shoppers who had a
very low probability of offending. For example, a significant
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number of persons who entered the store did not engage in
traditional shopping activities. Instead, some would proceed to the
public restrooms or spend long periods of time sitting in a
designated area adjacent to the pharmacy waiting for their
prescriptions to be filled. While these individuals generally spent
long periods of time in the store, they initiated little or no contact
with store merchandise and thus posed little threat of shoplifting.
Another group of shoppers entered the store wearing exercise or
other tight fitting clothing that allowed little or no room for
concealing merchandise. To reduce valuable time wasted watching
these non-offending shoppers, we revised the sampling protocol to
more efficiently target those shoppers who had a greater likelihood
of engaging in shoplifting.

Under the revised sampling protocol, observers were
instructed to follow every third shopper who was dressed in a
fashion that afforded the individual a reasonahle opportunity to
conceal merchandise. This meant that a person possessed some
form of potential concealment device {bag, purse, stroller, shopping
cart, etc.) and/or was wearing a jacket or loose, baggy or un-tucked
articles of clothing. Observers were further instructed to cease
videotaping anyone who headed directly to the bathroom or
pharmacy waiting area. We reasoned that the continued
monitoring of either of these groups of persons would yield an
unnecessary waste of research time and resources.

One dimension of personal discretion was also added to the
revised sampling protocol. Observers were allowed to select anyone
who, within 15 seconds of entering the store, was seen exhibiting
any of those specific behavioral cues known to be associated with
shopHfting (Hayes, 1993; Helena, 2000). Information on behavioral
cues was coded for shoppers during the first 6 months of
observation, but now was afforded a role in shopper selection. This
was a strictly defined point of discretion because the observer had
to identify and document one of three behavioral cues as the basis
for this determination. The individual had to show visible signs
that he/she: (1) was aware of or looking for anti-shoplifting
coimtermeasures (i.e., cameras, employees, EAS alarm system and
tags), (2) engaged in repeated head and neck movements that are
indicative of anxiously "scanning" or "scoping" the store, or (3)
nervously played with product packaging (i.e., reducing its size or
shape, removing security tags). Each observer was subjected to an
additional 2 to 4 hours of training and follow-up spot checks to
ensure that this revised selection protocol was clearly understood
and implemented. The revised sampling protocol was utilized for
the final 6 months of data collection.
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Data Recording Techniques. A standardized but continuously
evolving data template was developed to allow for the systematic
recording of demographic, behavioral, and situational data for each
observation. A sample copy of the final data collection template is
provided in Appendix A. We include sample information in italics
to provide the reader a sense of detail. Among other things, this
template allowed for the recording of the date, time, number of
shoppers, and other descriptive characteristics of each shopping
trip. The ethnicity, gender, approximate age, and a rough estimate
of social class {based largely on dress) were also documented." Note
that the template provided ample room for documentation of the
individual's dress and demeanor. Finally, a section of the data
collection template allowed for a broad range of information to be
recorded in those instances where the individual was observed
committing a theft. Specific theft techniques and merchandise
descriptions were recorded. If we could not immediately determine
the specific item shoplifted during the surveillance session, the
observer left the camera control room afler the shopper had exited
the store. He/she was instructed to go to the location where the
merchandise was removed from the shelf and record the type,
number, and value ofthe stolen items.

Copies ofthe data template (Appendix A) were reproduced in a
double-sided format with a copy of the store layout (Figure 1) on
the back. Insertion of these items in a three-ring binder allowed
the observer to map out behaviors and take notes on the types of
merchandise picked up as well as on a host of other activities that
might have been witnessed.

At the start of every observation session, the CCTV camera
was focused on the main entrance of the store. The camera
operator began counting individuals as they entered the store.
Upon the subject's exit fi:"om the store, the observer redirected his
or her attention again to incoming patrons and repeated the
surveillance process on every third eligible shopper who entered.
These procedures were conducted over a series of 4-hour intervals
for 12 months until more than 1,000 complete shopping trips had
been documented by camera on videotape.

Human Subject Protections and Ground Rules. Cognizant of the
potential practical importance of the findings of this research, all
expenses associated with camera installation, equipment
maintenance, and the payment of wages for the project's camera

I observer determined the dfrnographic characteristics of the shopper
visually. The focal strength ofthe CCTV system allowed for an up-close look at each
shopper. Tapes of the observations were reviewed by the research team to assess
observer decision making. A follow up inter-rater reliability exercise is discussed
later in the paper.
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Operators were willingly borne by the drug store chain. However,
based on a long-standing mutual trust relationship between the
principal investigators and the senior management of the drug
store chain, all research design and data collection operations were
conducted under the complete authority of the authors. No store
personnel were permitted to observe shoppers, view the television
monitor, or stop shoplifters while the research project's trained
camera operators were in the store collecting data. Store personnel
were not notified when the research team observed any shoplifting
incidents. While store employees were free to take action if they
observed shoplifting on their own {not initiated by our
observations), there was not a single occasion in which this type of
independent intervention occurred. No criminal prosecutions, civil
actions, or negative consequences were directed against any of the
shoppers or shoplifters observed in this study. The entire collection
of original data and copies of videotapes recorded during this study
remains in the permanent possession of the researchers. Moreover,
it was agreed up front that the store personnel were not permitted
to interact with the trained observers or to gain access to the video
or paper records. We observed no violations of this strict separation
of responsibilities and data access during the course of the entire
research study.

ANALYSIS AND FINDINGS

Demographic Characteristics ofthe Shoppers

Complete data were available on 1,365 drug store shoppers.
The demographic characteristics of our sample of shoppers were
quite diverse. The racial distribution was as follows: 43.4% white,
36.6% African American, 15.6% Hispanic, 3.3% Asian, and 1%
other.^ Note that our analysis distinguishes between whites and
nonwhites, as well as Hispanics and non-Hispanics.

On first glance, the racial composition of our sample was a
concem to us as the proportion of black shoppers was significantly
different from what is expected based on the available census and
marketing data. The 2000 census reveals that the Atlanta proper
population was 33.4% white, 61.2% black, 2% Asian, and 3.5%
other or multiple races. Individuals claiming Hispanic origin were
4.5% of the city's population. Alternatively, the drug store chain's
market profile study found that 79.8% of persons residing within 3
miles of the store were white, 18.9% were black, 2.3% were Asian,
and 4.2% were of Hispanic origin. This corporate data, however,

2 The 43.4% figure describing the percent white differs from the 44% who are
labeled white in Table 1 because the denominator in the first statistic excludes
individuals whose race was not discemable.
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could not capture the demographic characteristics of the many
homeless people and bus riders who lived in other parts of the city
and frequented the store.

We conducted a thorough examination of both the videotapes
and the completed data templates to further explore the racial
composition of the sample. Several inconsistencies were found
between the data collected in the first 6 months of the project
(random selection) versus the last 6 months, when selection
discretion was allowed. First, we identified 122 shoppers who were
included in the sample during the first 6 months of data collection
who were not wearing clothing or in possession of items (bags,
purses, strollers) conducive to the concealment of merchandise.
Observers coded these individuals as engaging in "suspicious"
behavior, although they had not engaged in scanning or scoping
behavior, had not looked for surveillance devices, and had not
nervously played with items in the store. These persons were
disproportionately ethnic minorities. We excluded them from
further analysis to remain true to the goals of our sampling
protocol. This culling procedure reduced the sample to 1,243
shoppers, all of whom met at least one of the following criteria: (1)
wore clothing that allowed for the concealment of merchandise; (2)
had in their possession a bag, purse, shopping cart or basket that
could be used to assist in the concealment of merchandise; (3)
engaged in scanning or scoping behavior, displayed open regard for
antishoplifting countermeasures; or (4) were observed altering or
removing the packaging from an item of merchandise.

Further inquiry revealed that the racial breakdown ofthe final
sample (N=l,243) also differed significantly from the data gathered
during the initial 6 months of observation (N=879). Afler making
the above-mentioned adjustment, the final racial distribution of
our sample was 49.7% white, 33.8% black, 13.2% Hispanic, 2.3%
Asian, and 1% other. This sample contains a larger proportion of
black and Hispanic shoppers than was found in the sample derived
via purely random assignment (i.e., during the first 6 months of
data collection). This suggests that by allowing our trained
observers some personal discretion in the selection of shoppers to
videotape, the researchers apparently introduced a small, but
detectable, level of racial bias into the selection of shoppers. This
bias had the effect of artificially increasing the numher of African
American shoppers who were observed.

•' The racial data for the four census blocks surrounding the store location
approximate the numbers generated from corporate sources.
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Disturbed by this racial inconsistency in the demographic
profile of the shoppers across data sources, we again returned to
the store to more precisely estimate the descriptive characteristics
of those persons entering this particular store location. A newly
hired observer was deployed to record information on the race, age,
gender, social class, dress, and demeanor of all persons entering
the store. These subsequent observation periods were coordinated
carefully to match the days and times that were represented in our
sample. This data collection validation effort lasted several weeks
and produced a comparison group of 1,223 shoppers. On comparing
these two data sets, we found the race ofthe shopper to be the only
variable for which any proportional inconsistency was observed. It
was determined from the reexamination of the store's shopper
demographics that 63.7% were white, 22.8% were black, 8.3% were
Hispanic, and 5.2% were Afsian or some other race. These
percentages were treated as the true measures of demographic
makeup ofthe shopping population and were subsequently used to
correct for racial disparities in our final sample of 1,243 shopper
observations. We adjusted for the undersampling of whites and the
oversampling of blacks and Hispanics by weighting each person by
the inverse of the probability that he or she would have been
included in the sample. Thus we took the ratio of the actual
proportion to sampled proportion for each race. For example, the
weight for white shoppers is 63.7/44.24 = 1.43. This procedure is
common in survey methodology to adjust for underrepresentation
based on nonresponses (Kish, 1965; Little & Rubin, 1987).

Turning to the remaining demographic data, we note that
males comprised 51% of the sample of 1,243 persons and females
49%. Further, individuals from all age groups were well
represented: 4.4% were thought to be under the age of 18, 24.3%
between 18 and 24, 35.5% between 25 and 34, 22.5% between 35
and 44, 7.4% between 45 and 54, 2.9% between 55 and 64, and
3.1% were thought to be 65 or older. Given the difficulty associated
with discerning age through simple observation techniques, the
age variable was trifurcated to isolate individuals under the ages of
35, middle-aged shoppers (35 to 54), and those perceived to be 55 or
older.

Next, we turn to the data on social class. Based on their dress
(style and name brand), jewelry, and other class proxies (type of
car observed through the store window, cell phones, money or
credit cards in hand, etc.), our observers categorized 8.1% ofthe
shoppers as lower class, 36.6% working class, 49.5% middle class,
and 5.8% at least upper middle class. Given the difficulty in
discerning social class via outward appearance and demeanor, we
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collapsed lower and working-class individuals into a single
category and compared them to the remainder ofthe shoppers.

Our analysis extends beyond mere demographics and seeks to
identify behavioral and situational characteristics that
differentiate shoppers from shoplifters. As such, at the onset of the
project, we examined existing reports (Klemke, 1992; Krasnovsky
& Lane, 1998) to be sure that we included as many relevant
behavioral "predictor" variables as possible. Scholars and retail
security experts alike recognize that thieves often use their clothes,
bags, and other carrying devices to assist in their shoplifting
activities. We observed that 55.3% of the persons in the sample
were carrying some sort of purse, bag, backpack, or other
receptacle that could be used to conceal merchandise.
Furthermore, 61.3% were wearing a jacket or some form of baggy
clothing that made for easy concealment. A full 16.6% of the
shoppers both wore baggy clotbing and carried a bag. Preliminary
analysis revealed no differences in the predictive power of these
indicators so the decision was made to collapse them into a single
measure to improve robustness.

It is commonly accepted that thieves often exhibit telltale
behavioral cues before they conceal merchandise (Hayes, 1993;
Helena, 2000). As such, the observers were instructed to document
any nervous behavior on the part of shoppers. These include
anxious scans or "scopes" of the landscape by panning the store,
paying special attention to the location of countermeasures such as
cameras and/or employees, tampering with the packaging of
products, or sampling products before retuming them to the shelf
These types of pre-shoplifling behavioral cues were observed in
19.9% of the observed shoppers. Again, preliminary analysis
revealed no differences in the predictive power of these three
indicators so we decided to collapse them into a single measure to
improve robustness.

Retail shoplifting experts also have observed that offenders
often leave the store without making any purchase {Hayes, 1993;
Helena, 2000). This strategy is thought to minimize attention to
them and to prevent personal contact with store employees,
thereby reducing the likelihood of apprehension. We noted that
17.5% of all shoppers left the store without buying anything.

Shoplifters are also thought to operate commonly in organized
groups or teams {Hayes, 1993; Helena, 2000). To test this
hypothesis, we also recorded the number of additional persons that
accompanied each primary observation subject into the store. The
data show that 74.8% of the shopper observations involved a lone
individual, and 25.2% involved more than one person.
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Finally, we tracked the amount of time that each shopper
spent in the store to determine if shoplifters took their time
committing their thefts or made a quick exit. The data reveal that
the average shopper spent just over 9 minutes in the store.

Where possible, variables were subject to an inter-rater
reliability exercise to determine the consistency of the information
recorded on the data templates. We pulled roughly 10% of the
videotaped observations that were documented by each of the
study's trained observers. A diverse group of five individuals then
viewed these materials and were asked to estimate the sex,
race/ethnicity, social class, and age of each person appearing on the
tape using the original data template. They were also asked to
document whether the shopper had on their person or was wearing
clothing conducive to shoplifting or exhibited evidence of behaviors
that the protocol deemed to be suspicious. The level of agreement
between the original and follow-up data templates was then
calculated. While the agreement for the raw social class and age
variables dipped below the 70% level, all ofthe recodes used in the
analysis plan (i.e., young, middle-aged, elderly, or lower/working
vs. middle/upper classes) produced agreement levels in excess of
85%. Near perfect inter-coder agreement was observed for the
gender, baggy clothes and bags, suspicious behavior, and
race/ethnicity variables.

Analysis Plan

Because the dependent variable in this study is dichotomous
(i.e., a shopper either steals merchandise or does not), the most
appropriate statistical analysis technique to model outcomes is
logistic regression. The equation below shows the form of the
logistic model.̂

exp l&. + d Demographic -^ B-, Behavoral I Situational)
p[Thefi = I) = ^y' ^' ^—' ^ ^

1 + exp(p(| + p^ Demoiiraphic + p-. Behavioral I Situational)

In this equation. Theft equals one {1) if the shopper was
observed stealing, and zero (0) if not. Demographic represents a
group of demographic characteristics for each shopper. These
include the indicator variables male, white, Hispanic, other races,
ages 35 to 54, ages over 54,' and low/working class.

•• All logistic models are proportionally weighted to match the racial
distribution ofthe retail store environment.

5 Building around Hayes" (1993, 7) notion of the "primary household shopper"
as a common type of shoplifter, we deemed shoppers below the age of 35 to be our
age-based reference group.
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Behavioral /situational characteristics consist of factors
associated with the individual that could vary across visits. These
include the indicator variables cues, missing cues, baggy clothes &
baggage, no purchase, work time, summer, and group. The duration
ofthe shopping trip is represented by the continuous variable total
time. Specifically, the composite measure of cues is indicated when
the shopper scans or "scopes" his or her head around the store,
pays special attention to the location of cameras or employees,
tampers with the packaging of products, and/or samples products
before returning them to the shelf. For some cases, the observer
forgot to code information on cues. We thus controlled for missing
cues to prevent bias in the cues estimate due to missing data*".
Baggy clothes & bags is indicated if the shopper was wearing a
jacket or loose fitting clothing and was carrying a purse, or some
other potential concealment devise such as a bag, backpack,
stroller, etc. The variable no purchase identifies those shoppers
who left the store without making a purchase. Work time captures
shopping trips that occurred between 8 a.m. and 6 p.m. The
months of June, July, and August are labeled as summer. If a
shopper entered the store with at least one other person, he or she
is specified as a member of a group. And, fmally, total time denotes
the actual number of minutes that the shopper was in the store.

Findings

Of the 1,243 persons observed in our final sample, a total of
105 {8.5%) were clearly seen by our trained observers committing
an act of merchandise theft and concealment while shopping in the
drug store. Table 1 displays the means and standard errors of each
variable in the total sample, for nonshoplifters and shoplifters,
respectively. Variables showing significantly difFerent means
between the theft and nontheft groups are marked with asterisks.
When simply comparing those who committed theft to those who
did not at the bivariate level {without controls), a significantly
larger proportion of the shoplifters were male, black, Hispanic,
between the ages of 35 and 54, low or working class, displayed
suspicious cues, failed to make a purchase, or shopped during the
summer months. Those shoppers less likely to be in the "theft"
group were white, a race other than black or Hispanic, age 55 or
older, and those for whom we had not recorded data on possible
cueing behavior.

*^ This decision was driven by the race-based bias that we observed in the cues
variable under the discretionary selection protocol.
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Table 1. Summary Testing the Differences in Means
Between Thefts and No Thefts

Variable (
(association with theft)
Demographics

Male "

White***

Black*"

Hispanic"

Other Race"

Ages Under 35"

Ages 35 - 54'"

Ages Over 54"*

Low/Working Class"*

Behavioral / Situational
Cues***

Missing Cues***

Baggy Clothes & Bags

No Purchase***

Work Time

Group

Total Time

Summer*

+

+

-

-

+

-

+

+

-

0

+

0

0

0

+

Total Sample
(N = 1243)

Mean
(SE)

.51
(.01)
.44

{.OD
.36

{.OD
.15

{.OD
.05

(.01)
.62

(.OD
.29

(.OD
.06

{.OD
.45

{.OD

.20
(.OD
.21

(.01)
.17

(.OD
.18

(.01)
.55

(.01)
.25

{.OD
8.87
{.23)
.18

(.01)

No Theft
{N=1138)

Mean
(SE)

.49
(.02)
.45

{.02)
.35

{.OD
.14

{.01)
.05

(.01)
.63

(.01)
.28

(.01)
.06

(.01)
.42

{.02)

.16
{.OD
.22

(.01)
.17

(.OD
.14

(.01)
.56

(.02)
.25

{.OD
8.84
{.23)
.17

{.OD

Theft
{N = 105)

Mean
(SE)

.70
(.05)
.27

(.04)
.48

(.05)
.24

(.04)
.02

(.01)
.53

{.05)
.44

{.05)
.02

{.OD
.72

(.04)

.62
(.05)
.08

(.03)
.13

{.03)
.57

{.05)
.51

(.05)
.30

(.05)
9.23

(1.09)
.25

(.04)
•=p<0.10,"=p<0.05,""=<0.01. All tests are two-tailed.

While the findings presented in Table 1 are intriguing, they
are only simple, bivariate relationships. Tberefore, even the
significant associations fail to account for other more complicated
interrelationships between the variables of interest. For example,
Hispanics shopping in this store may be disproportionately from
the lower or working class. If lower- or working-class persons are
more likely to shoplift, then the simple bivariate relationships in
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Table 1 will show a significant and positive association between
being Hispanic and theft. To address this issue, we ran a
multivariate logistic regression to simultaneously measure the
effect of all 15 factors. The resulting estimates of coefficients and
odds ratios are displayed in Table 2.

Table 2. Logistic Regression Results using Main Effect
Race and Sex (N = 1240)

Variable
(association with
theft)
Demographics
Male

Black

Hispanic

Other Race

Ages 35-54

Ages Over 54

LowAVorking Ciass

{+/-)

0

0

0

0

+

0

+

Behavioral / Situational
Cues

Missing Cues

Baggy Clothes &
Bags

No Purchase

Work Time

Group

Total Time

Summer

+

0

0

+

0

0

0

0

Reference Group

Female

White

White

White

Below 35

Below 35

Middle to Upper Class

No Cues

No Cues

Tight or Tucked
without Jacket, & No

Bags or Purse
Purchase

Before 8 & after 6

Lone Shopper

Fall, Winter, & Spring

Coefficient
(SE)

.49
(.30)
.26

(.29)
.57

(.37)
-.58
(.82)
.52

(.29)
-.17
{.87)
.85

(.29)

1.83
{.29)
.28

(.45)
.10

f.38)

1.78
(.29)
-.07
(.26)
.07

(.33)
-.003
{.OD
.42

(.32)

Odds
Ratio

1.62

1.30

1.77

.56

1.68"

.84

2.33"

6.25"*

1.32

1.11

5.94*"

.93

1.08

1.00

1.53

• = p < 0.10, "* = p < 0.05, *" = p < 0.01. All tests are two-tailed

Before we interpret the estimates, let us take a moment to
consider several diagnostic statistics to evaluate the overall model.
The Wald chi-squared statistic, testing the difference between the
initial (intercept only) and complete model (intercept plus 15
predictor variables), suggests that the 15 independent variables
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have a non-zero effect on the dependent variable. Satisfied that
each ofthe predictor variables have some unique cumulative effect
on the dependent variable, the next step is to more precisely
consider "goodness of fit." This allows one to determine how well
the 15 independent variables predict whether an individual will
engage in shoplifting. The pseudo R" statistic is an assessment of
goodness of fit. While the pseudo R' estimate in logistic regression
is not a true measure of total explained variance {as is the case in
OLS regression), Maddala {1983) argues that this statistic
nonetheless offers the reader a viable estimate of the model's fit.
The pseudo R'' statistic for our model suggests that all of the
independent variables account for a collective 27.2% of the
variance in the dependent variable.

Table 2 lists the specific findings. Because many of the
independent variables are dichotomous, we also listed the
reference group and the direction of significance, making it easier
to interpret the odds ratios. A complete correlation matrix is
provided in Appendix B. After simultaneously controlling for the
other 14 variables, we observe changes in several ofthe bivariate
associations noted earlier in Table 1. First, males no longer
appear to be more likely to shoplift than females {although the
coefficient is nearly significant). Black and Hispanic shoppers are
no more likely to shoplift than those who are white. Further,
shoppers of Asian or other descent are no less likely than whites
to commit theft. Persons who are at least 55 years old are not less
likely to shoplift than those who are under 35. Summer months
no longer appear to be more predictive of shoplifting, and those
whose cueing behavior was unrecorded by the observers appear to
shoplift with the same probability as those who had data inserted
into this field ofthe data template but failed to exhibit suspicious
behavioral cues.

While demographic characteristics are important in predicting
shoplifting, the two behavioral variables appear to carry more
influence. For example, the odds of stealing for a person who
exhibits one ofthe three cues of shoplifting (e.g., "scans" the store,
tampers with products, displays awareness of security
countermeasures, or samples products) are 6.25 times higher than
for those who exhibit no such behavior. Finally, those who exit the
store without having made a purchase are almost six times more
likely to be carrying a stolen product than those who walked out of
the store after buying something at the checkout.

Referring again to Table 2, note that, after controlling for
other variables, three demographic variables remain significantly
associated with theft. Adults between the ages of 35 to 54 have
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nearly 1.7 greater odds of shoplifting than do persons younger than
35. And finally, the data indicate that, for every 23 lower- or
working-class persons who shoplift, there are 10 middle- or upper-
class persons who also shoplift.

The lack of a direct relationship between sex, race, and
shoplifting runs counter to the stereotypical assumptions
underlying commonly held profiling strategies. In particular, many
of the popularly held stereotypes of criminal behavior not only
make the assumption that nonwhite shoppers steal more, but this
is especially true for males. To test this assertion, the model in
Table 3 assumes that men and women of all races and ethnic
groups are equally likely to shoplift. Here, we allowed the racial
coefficient estimates to vary with gender by including two
interactions, black x male and Hispanic x male. Table 3 displays
the results of the "interactive" model.

The Wald chi-square statistic was calculated to test whether
the two interactive terms jointly contribute to the model. The
outcome {p<0.01) suggests that the second, more flexible, model
better fits the data. Before interpreting the results, it is important
to carefully identify the combination of coefficient estimates that
describe the association between each of the six race-sex groups
and theft. Table 4 is included as a guide to interpreting the
findings for white females, white males, black females, black
males, Hispanic females, and Hispanic males. Because white
females are the reference category, the estimate for all three main
effects compares that group to white females. The estimates in
Table 3 for male, black, and Hispanic are positive and significant
suggesting that white males, black females, and Hispanic females
are all significantly more likely to shoplift than white females. In
fact, the odds that Hispanic females shoplift are 7.4 times as high
as the odds for white females.

Notice in Table 4 that the only difference between white and
black males is the summation ofthe coefficient estimates for black
and black male. The Wald chi-square test statistic tells us that this
difference is insignificant (0.925+(-0.967) = 0, p = 0.90). Similarly,
the test showing the difference between white and Hispanic males
is not statistically significant (p = 0.60). Therefore, our findings
show that males of different races have comparable likelihoods of
shoplifting. Similar tests reveal that Hispanic women are
significantly more likely to steal than black women (p = 0.02).
However, black women are just as likely to steal as black men (p =
0.63). Perhaps the most intriguing finding is that Hispanic women
are more, not less, likely to shoplift than Hispanic males {p = 0.04).



716 WHO ACTUALLY STEALS?

Table 3. Logistic Regression Results Interacting Race
and Sex (N = 1240)

Variable
(association with theft)
Demographics
Male

Black

Hispanic

Black Male

Hispanic Male

Other Race

Ages 35 - 54

Ages Over 54

LowAVorking Class

Beiiavi oral f Situational
Cues

Missing Cues

Baggy Clothes & Bags

No Purchase

Work Time

Group

Total Time

Summer

(+/-)

+

+

+

0

-

0

0

0

+

+

0

0

+

0

0

0

+

lieference Group

White Female

White Female

White Female

White

Below 35

Below 35

Middle to Upper
Class

No Cues

No Cues

Tight or Tueked
without Jacket, &
No Bags or Purse

Purchase

Before 8 & after 6

Lone Shopper

Fall, Winter, &
Spring

Coefficient
(SE)

1.15
(.48)
.93

(.48)
2.00
(.59)
-.97
(.59)

-2.25
(.70)
-.70
(.85)
.44

(.29)
-.08
(.93)
.79

(.29)

1.87
(.29)
.41

(.46)
.10

(.38)

1.89
(.30)
-.07
(.26)
.07

(.33)
-.01
(.01)
,52

(.31)

Odds
Ratio

3.16'

2.52"

7.40'"

.38

.11'"

.50

1.56

.93

2.21"*"

6.50"

1.51

1.11

6.61"'

.93

1.07

.99

1.68'

* = p < 0.10, ** = p < 0.05, *** = < 0.01. All tests are two-tailed.

According to the above findings, Hispanic women were more
likely to shoplifl when compared to other race-sex group
combinations, while white women posed the smallest threat to
steal. A third model was run with only the race-sex groups of
white, black, and Hispanic females, using white, black, and
Hispanic males as the reference group (see Appendix C).

Odds ratios of the significant variables are displayed in the bar
chart of Figure 2. The most signifieant finding that can be derived
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from this graph is that a shopper's behavior, not their race or
gender, is by far the single strongest predictor of whether he or she
is likely to steal. The odds that a person, who leaves the store
without purchasing anything, has stolen something are more than
6.6 times that of those persons who make a purchase. Similarly,
those who exhibit suspicious behavior are much more likely to
steal than those who do not. The results also show that persons
who appear to be from the lower class or the working class are
significantly more likely to steal. Finally, the results yield the
following race/gender interaction effects: Hispanic females are
more likely than any other race/gender grouping to shoplift, black
females are just as prone to shoplifting as all males, and white
females are least likely to steal.

Table 4. Coefncients used to Estimate each Race-Sex Group's
Association with Theft

Group
White Female
White Male

Black Female

Black Male

Hispanic Female

Hispanic Male

Coefficients for Each Group
(absorbed into the intercept)

Pmale "^ PbUck '*' Pblack

r Hispanic

Figure 2. Bar Chart Showing Magnitude of Significant Associations

Ockls Ratios tor Significant Predictors

5.5

3,5

2,5

1,5

0,5

05

2.40
2.17

W lite Fom ile Hspanio Ferrale Low /Working Doss

0.2a

6.43

Cues

6.63

No Rif chase
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DISCUSSION

One of the most perplexing questions in criminology continues
to be who actual law violators are, independent of data provided by
agents of formal social control. We found that 8.5% of the persons
entering a retail drug store over the course of a year-long period of
data collection (April 2000 through March 2001) were observed to
commit an act of shoplifting while on the premises. We provide the
following extrapolations to stimulate discussion on the topic of the
dark figure of crime. Corporate sales data indicate that roughly
200,000 front-end (nonpharmacy) purchases were recorded in the
test store during the 12 months of our data collection. Our
observations revealed that 17.5*?̂  of those visiting the store exited
without making a purchase, thus increasing the estimated number
of shoppers in the store that year to roughly 235,000.
Extrapolating from these data, one would estimate that roughly
20,000 incidents of shoplifting occurred in that store during the
year of our observation. Corporate sales data indicate that roughly
22,168.000 nonpharmacy (front-end only) purchases were recorded
in the 150 Atlanta-based stores during the period of study. Adding
an additional 17.5^ to correct for nonpurchasers (26,047,000), one
could extrapolate that roughly 2,214,000 incidents of shoplifting
occurred in the Atlanta-based stores operated by this single retail
chain that year. The Uniform Crime Reports {Federal Bureau of
Investigation, 2002) indicate that 25,721 cases of larceny-theft
were known to police in the city of Atlanta during 2001, and
118,529 cases were reported to police in the 20 counties that make
up the Atlanta metropolitan area.' While certainly inexact, our
extrapolations based on observation data from a single store
location produce annual shoplifting numbers that rival the total
number of larceny-theft cases known to police in the entire Atlanta
metropolitan area! Moreover, the corporate sales data for the
Atlanta region yield shoplifting estimates that are more than three
times the 7,076,171 cases of larceny-theft reported to police
nationwide in 2001. Even if we apply the commonly held
assumption that 50 to 60% of all crimes go unreported, we note a
significant disparity between our estimates and those generated
from official data sources. In sum, observational data collection
efforts force us seriously to reconsider the true parameters of the
dark figure of crime.

" Data from 2001 are used because UCR data are not available for the Atlanta
MSA for 2000, In 2001, there were an estimated 426,511 residents in the city of
Atlanta and 4.211,379 in the Atlanta metropolitan area. Moreover, it is important
to note that shoplining cases make up oniy a portion of all larceny-theft cases
reported to police.



DABNEY, HOLLINGER, AND DUGAN 719

The dark figure of crime debate does not focus solely on the
number of offenses. It also considers whether offender-specific data
generated from official or victim sources are accurate. In fact, the
debate over offender profiling centers on the question whether
those apprehended for crime are representative of those who
violate the law. If we are detecting, apprehending, and prosecuting
a representative sample of law violators, then the criminal justice
system is doing its job. If not, then there is bias in the system that
violates the basic principle of "equality before the law." We submit
that this offender profiling discussion is directly relevant to the
dark figure of crime debate.

There is a long-standing tradition of the formal and/or
informal use of profiles hy social control agents. Law enforcement
and private security personnel have long relied on a host of
behavioral and demographic data to aid them in identifying and
apprehending criminals. It is assumed that profiling criteria are
fair and just and serve to enhance crime control efficiency. The
present analysis raises serious questions about these assumptions
as they relate to the profiling of suspected shoplifters. Self-report
data from the United States (Klemke, 1992) and the United
Kingdom (Graham & Bowling, 1995) portray the shoplifting
population as disproportionately comprised of young, minority
males. Apprehension data paint a similar picture (Cohen &: Stark,
1974; Hindelang, 1974; Lundman, 1978). Data on 166,560
shoplifting apprehensions reported by 101 retail chains (5,284
different store locations) indicate that males, minorities, and
juveniles are overrepresented in the sample of thieves relative to
their composition in the U.S. population (Hayes & Blackwood,
1999). Farrington's (1999) review of apprehension data from retail
outlets in the United Kingdom reveals a disproportionate
representation of males and juveniles. Murphy (1986) found that
store detectives routinely single out minority shoppers in their
surveillance efforts. Our data do not provide empirical grounds to
support these contentions and security practices.

We noted significant discrepancies between the demographic
profile of the shoplifters in our study and those generated from
other observational, self-report, and official apprehension data
sources (see Farrington, 1999; Klemke, 1992; and Krasnovsky &
Lane, 1998 for a review). Let us begin with the observed
consistencies. We found that men were more likely to steal than
women. Additionally, persons who appear to come fi-om the lower
or working classes engaged in more theft than those fi'om the
middle or upper classes.
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However, speaking directly to the heart of the profiling debate,
our findings with regard to the age and race of offenders did not
match up well with findings observed in previous analyses.
Membership in the juvenile or young adult category was not
predictive of shoplifting. Instead, we found that middle-aged
shoppers (35 to 54) were the more common shoplifters. This finding
coincides with Hayes' (1993, 7) characterization of opportunistic
thieves that the author calls "primary household shoppers" or
"impulse shoplifters." These persons are described as gainfully
employed, middle-aged adults who occasionally steal as a means of
acquiring goods that stretch beyond the household budget. This
group of thieves does not attract much attention from loss
prevention professionals but is thought to comprise a significant
portion of the shoplifting population.

Turning to race, our data show that, in general, nonwhites
were no more likely to shoplift than were whites. However, upon
closer examination several noteworthy race-sex effects were
discovered. Hispanic females were more likely than any other
race/gender grouping to shoplift. Black females were just as prone
to shoplift as all males. Finally, white females were least likely to
steal.

While the demographic characteristics of the shopper were
important for predicting who shoplifts, our data clearly indicate
that behavioral variables are much more significant predictors.
Specifically, we found that leaving the store without making a
purchase was the best predictor of shoplifting. Additionally, those
who exhibited behavioral cues of shoplifting intent (scanning the
store to make sure nobody is watching, tampering with products,
keeping track of security measures, and/or sampling products)
were much more likely to steal than those who did not.

We recognize that these are several limitations to our work.
Most notably, we rely solely on observational techniques to
estimate the age, race, social class, and other discreet
characteristics of the persons being surveilled. None of these
characteristics is easily approximated by visual observation.
Outward appearance is a less-than-ideal indicator of one's social
class or age, for example. We conducted a comprehensive inter-
rater reliability exercise in anticipation of this concem. We
randomly selected roughly 10% of the videotaped observations
documented hy each of the study's trained observers. A diverse
group of five individuals then viewed these materials and were
asked to estimate the sex, race/ethnicity, social class, and age of
each person appearing on the tape using the original data
template. They were also asked to document whether the shopper
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was wearing clothing or carrying items there were conducive to
shoplifting or exhibiting the abovementioned suspicious behavioral
cues. The level of inter-coder agreement between the original and
follow-up data templates was then calculated. While the agreement
for the raw social class and age variables dipped below the 70%
level, all of the recodes used in the analysis plan (i.e. young,
middle-aged adult, elderly or lower/working vs. middle/upper
classes) produced agreement levels in excess of 85%. Near-perfect
agreement was observed for the gender, baggy clothes and
baggage, and race/ethnicity variables. This inter-rater reliability
exercise left us reasonably satisfied with the quality of our data.
Nonetheless, future inquiries should consider using a brief pencil-
paper survey or other means to document the demographics of
surveilled shoppers as they exit the store. It would also be useful to
conduct follow-up interviews with the observers to inquire into the
criteria that shaped their decisions to include or exclude shoppers
from surveillance under a discretionary protocol. Such a strategy
would also allow the researcher to engage "head on" the sources
and dynamics of attribution formation and their associated
stereotypes.

The generalizability of our findings is somewhat limited by the
fact that we collected data from a single retail store. Cost and
logistics made it prohibitive to expand the inquiry to multiple
stores or multiple cities. We sought to mitigate tbis limitation by
using much care when selecting our single store location. We
consulted marketing information and census data, and conducted
numerous site visits to identify a store with a demographically
diverse clientele. Still, future inquiries should adopt a broader
sampling fi-ame.

Our data collection methodology revealed that observers, when
given targeted discretion in the sampling process, introduced
notable race-based bias. We corrected for this by returning to the
store to gain an unbiased representation of the shopper population
and then by weighting the data accordingly prior to our
multivariate analysis. Random sampling is clearly the ideal in an
observational study such as ours. Moreover, the methodology
would have benefited from recording the demographic
characteristics of all persons entering the store (both those
observed and not observed) to allow for precise, real-time analysis
of shopper demographics. Such an inquiry could be accomplished
by using the videotaped data to code non-included shoppers after
the fact.

These few limitations notwithstanding, we hope that this
study spawns critical thought and reflection beyond the topic of
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shoplifting. Our iindings have implications for those researchers
who seek to understand the use of profiles based on race or other
observable offender characteristics. To date, the trend in the
profiling literature has been to use traffic stop and police arrest
data to map behavioral and demographic apprehension patterns to
assess whether these patterns are fair and justified. This mode of
inquiry has been plagued by methodological shortcomings (Engel,
Calnon, & Bernard, 2002; Harris, 1999; Petrocelli, Piquero, &
Smith, 2002; Ramirez, McDevitt, & Farrell, 2000; Taylor & Witney,
1999; Withrow & Jackson, 2002; Zingraff et al., 2001). Researchers
have been forced to rely on potentially biased official data gathered
by police officers while arresting suspects. As such, scholars have
had difficulty identifying benchmark estimates for the offending
population. By shifting the focus to shoplifting and exploring an
innovative and sophisticated direct observational technique, we
have transitioned offender profiling research into a more
manageable venue. We are able to make live unobtrusive
observations of both the offender and nonoffender populations
simultaneously, collecting unbiased data that do not depend on the
subjective judgments of store loss prevention personnel. As a
result, we are able to build, from the ground up, an evolving and
comprehensive data collection template that more accurately
measures pertinent behavioral and demographic variables. We
hope that these new methodological directions inform future
researchers seeking to better understand the dynamics of
offenders, criminal offending, and crime control within natural
settings.
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APPENDIX A. SHOPLIFTER OBSERVATIONAL DATA TEMPLATE

Case #:

Date: / / Entry: : AM PM Exit: : AM PM

SHOPPER DEMOGRAPHICS

Shoppers: Lone Pair Trio Other: number of shoppers

Gender: M F

Ethnicity:
White Black Hispanic Asian/Pacific Middle East Other:

ApproxAge: <14 14-17 18-24 25-34 35-t4 45-54 55-64 65+

Description of Dress:
Indicators of shoplifting potential and .social class (e.g. type and

quality of shirt, pants, shoes) Wearing a jacket, tie, uniform? Neatness,
cleanliness

Additional Items on Person:
Indicators of shoplifting potential and social class (e.g, type and

quality of jewelry, purse, backpack ) Carrying bags, devices, briefcase, cart,
baby carriage? Phone?

Behavioral Cues:
nervous scanning, aware of countermeasures, playing with packaging,

sampU ng

Social Class Estimate:
Lower Middle Upper/Middle Upper

SHOPLIFTER DETAILS

Time of Theft: : AM PM Location of Theft (Aisle #):

Location of Concealment:
Hand Pants/Skirt Shirt/Jacket Purse Handoff Bag

Gift Bag Child Cover Other: anything out of the ordinary

Treatment of Packaging:
Intact Removal EAS Removal Damaged:
Security Response:
EAS Alarm Apprehension Response: chase, crowd, defer?

Item Description Pricing Item Description Pricing
mark on map & detail later_ $ ,mark on map & detail later_ $
mark on map & detail later_ $ mark on map & detail later_ $
mark on map & detail later_ $ mark on map & detail later_ $

Total Cost: .̂  Notes: _note & relay any new trends you see

Purchase Made: Yes No be consistent with comments, use map
where needed
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Appendix C. Logistic Regression Results using Female by
Race (N = 1240)

Variahle

Demographics
White Female

Black Female

Hispanic
Female
Other Race

Ages 35-54

Ages Ahove 54

LowAVorking
Class

Association
with Theft

(+/-)

-

0

+

0

0

0

+

Behavioral / Situational
Cues

Any Cues

Baggy Clothes
&Bags

No Purchase

Work Time

Group

Total Time

Summer

+

0

0

H-

0

0

0

0

Reference Group

White, Black, or
Hispanic Men
White, Black, or
Hispanic Men
White, Black, or
Hispanic Men
White, Black, or
Hispanic Men
Below 35

Below 35

Middle to Upper Class

No Cues

No Cues

Tight or Tucked
without Jacket, & No
Bags or Purse
Purchase

Before 8 & After 6

Lone Shopper

Fall, Winter, & Spring

Coefficient
(SE)

-1.27
(.46)
-.21
(.34)
.87

(.42)
-.93
(.81)
.47

(.29)
-.003
(.92)
.77

(.29)

1.86
(.29)
.43

(.45)
.11

(.38)

1.89
(.30)
-.08
(.26)
.06

(.32)
-.006
(.01)
.51

(.32)

Odds
Ratio

0.28""

0.81

2.40"

0.40

1.60

0.99

2.17""

6.43""

1.54

1.11

6.63"

0.92

1.06

0.99

1.66

• = p S 0.10 " = p < 0.05 "' = p < 0.01 All tests are two-tailed.




